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Summary

Class Association Rule (CAR) based classification is known to provide high interpretability and
accuracy in recent datamining study. However, most of the approaches have not addressed the issue to
appropriately process numeric attributes of instances. Because the association among numeric instances is
represented by a cluster in an attribute subspace, the approach named “subspace clustering’ is expected

to provide appropriate discretizations of the numeric attributes for CAR derivation.

In this paper, a

levelwise subspace clustering deriving interpretative hyper-rectangular clusters and a derivation scheme of
quantitative and accurate CARs are proposed for CAR based classification. Significant performance of the
proposed approach has been demonstrated through the tests on UCI repository data.
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QFI-Count(candidate — k — QFI,TID — List®);
(1) k— QFIS = ¢, TIDLS = ¢;
(2) If |TID — List®| < minsup return k — QFIS;
3) S={pl<p:a>

€ candidate — k — QFI,p is numeric.};
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(9) end
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(13) end
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(8) end
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N [200,10°] O(Nlog N) O(N)

exp. inc./dec. : exponential increase/decrease.

inc./dec. const. : increase/decrease and saturation.
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