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Summary

A novel approach to subspace clustering is proposed to exhaustively and efficiently mine quantitative
frequent itemsets (QFIs) from massive transaction data for quantitative association rule mining. The
numeric part of a QFI is an axis-parallel and hyper-rectangular cluster of transactions in an attribute
subspace formed by numeric items. For the computational tractability, our approach introduces adaptive
density-based and Apriori-like subspace clustering. Its outstanding performance is demonstrated through
the comparison with the past subspace clustering approaches and the application to practical and massive

data.
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(1)For each numeric attribute, create an index list sorted
with the ascending order of D. Sort items in each t € D
lexicographically.

(2)L, = {(1 = QFI,TID — List)};
(3)for (k=2; Li_1 # ¢; k+ +) do begin

(4) Cy ={(candidate —k— QFI,TID — List®)} =
Extended — Candidate — Generation(Ly_1);

(5) forall (candidate — k — QFI, TID — List®)
€ C} do begin

(6) Ly = LU
QFI — Count(candidate — k — QFI,TID — List®)

(7)  end
(8)end
(9)Answer L = Uk Ly;
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